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DEVELOPING A CULTURE OF TESTING 

 

Activism always exists under the influence of limited resources.  Money, people, and time are always in limited 

supply.  Just because an email is òfreeó does not mean that it does not expend limited resources.  Conceiving, 

drafting, and implementing an email campaign takes time, the recipients of those emails have limited 

capacity for interacting with and reacting to your message, and the universe of people with whom an y 

organization has a pretense to communicate is always limited.  Each email is an opportunity for members to 

unsubscribe from your list, so each message an organization chooses to send carries a tangible cost.  

 

As practitioners weõre constantly concerned about using these limited resources in the most impactful way 

possible.  How do we ensure that each email we send meaningfully advances our organizational goals?  What 

tactics do and do not work in online advocacy?  We can answer these questions by running randomized 

experiments with our email programs.  

  

This paper explores online progressive advocacy campaigns in the context of experimental research.  We 

cover why experiments are important and examples of email experiments we have run with partner 

organiza tions.  We also identify some research questions we feel the community of progressive online organizers 

should collectively attempt to answer.  

 

Over the last two years we have partnered with a half -dozen progressive advocacy groups to design, 

implement, an d analyze experiments in their own email campaigns.  We aimed to assist these organizations in 

determining which tactics yield the most value out of their e -mail list, whether that be opens and click -throughs, 

actions taken, donations, or list growth and r etention.  This program has included over five million emails sent to 

a combined 1.4 million individuals.  

 

Although the results of the tests from these programs are interesting, our primary goal is to encourage a culture 

of rigorous testing in the world of  progressive online advocacy.  The results of these experiments are not meant 

to be taken as the final word on these research questions ð instead, they illustrate how to approach answering 

important questions about the way we do our work.  We hope that you  walk away from this research with a 

desire to answer similar questions about your own email list.  Organizations such as the Analyst Institute and NOI 

can help you answer these questions, as well as train you to implement these kinds of experiments yourse lf. 

 

òIF YOUR FRIENDS JUMPED OFF A BRIDGE, WOULD YOU?ó 

 

Your mother was right.  Just because your friends are doing it doesnõt mean you should too.  Experimentation 

and testing is a way to do business; it is in and of itself a best -practice; it is the way to run effective and efficient 

programs.  Using the results of another organizationõs experiments is like wearing your best friendõs glasses.  Just 

because you both have eyes, brains, blonde hair, and progressive politics doesnõt mean you share the same 

prescription.  

 

Ultimately it may be possible to establish generalized best -practices for certain program elements but this will 

require many tests across numerous organizations.  These tests will need to be implemented and evaluated in a 

similar manner acros s very different organizations.  The organizations tested will need to present a wide range 

of contextual program elements in order to reliably isolate the one element we are testing.  Even if we reach 

this gold standard, the generalized finding may only b e relevant for a few years.  The internet is ephemeral, and 

the field of online organizing is a space that is constantly changing.  People donõt interact with their email now 

in the same way that they did ten years ago, and we certainly canõt assume that the relationship between 

humans and technology wonõt continue to evolve. 
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WHY RANDOMIZED EXPERIMENTS? 

 

As online organizers, itõs often difficult for us to determine whether particular tactics or messages we employ are 

useful or not.  Are the campaigns weõre running effective at achieving our desired outcomes?  If so, how can 

we improve them so we become more efficient?  Experiments allow us to establish a cause and effect 

relationship between an action we take and an outcome we observe.  As the Analyst Institute explains, 

òrandomized controlled experiments are the ôgold standardõ for assessing the impact some activity or 

component has on a desired behavior.ó1 

 

Experiments allow us to say, òif I run a certain program, I will observe a particular outcome.  If I do not run that 

program, I will observe the absence of that outcome.ó The key principle that separates experiments from other 

types of analysis, and allows us to do this, is random assignment.  Typically a universe of experimental units, such 

as peop le, are randomly assigned to different groups.  Groups that receive a particular contact or program are 

òtreatmentó conditions, and the group that does not receive any contact or program is the òcontroló 

condition.  Because these groups are, on average, th e same across conditions, any difference in performance 

we observe between the groups can be attributed to our intervention.  

 

For example, letõs say you have an email list of 10,000 people that you randomly split into two groups of 5,000.  

Hypothetically, you made personal phone calls to one group of 5,000 but not the other group.  Other than your 

phone calls, these two groups are probabilistically equivalent .  That means the characteristics of these people 

are, on average, the same in each group aside from  the fact that you called one group but not the other.  

Therefore, if the group you called starts opening their email at much higher rates than the group that you did 

not call, you can say that the phone calls you made caused the increase in your listõs performance.  

 

 

Figure 1: An example of an email experiment ð two competing email formats.  

Itõs important to draw a distinction between experimental research and observational analysis.  Experimental 

research uses random assignment to establish a causal link between particular actions we take and outcomes 

that we observe.  With observational ana lysis, we cannot make this link .  For example, letõs say you send an 

email at 5pm and it happens to perform very well  compared to a typical email blast .  You canõt say that 

sending the email late in the day necessarily caused the increase in performance  instead of a wide variety of 

other potential reasons (ex. the email was written particularly well, your email was about an issue that 

happened to be getting a lot of national media attention, and so on).  

 

 

                                                             
1 Analyst Institute ð òWhy Run Political Experiments?ó 
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REASONS TO RUN EMAIL TESTS 

 

The Analyst Institute  identifies three ways that experiments can be used to add value in politics.  òThey can be 

used to evaluate a programõs impact.  They can be used to discern best practices.  And they can be used to 

maximize a programõs impact immediately with rapid-turnar ound experiments.ó2 

 

We will be mainly focusing on the latter two implementations of  political testing: how experiments in online 

advocacy can be used to immediately optimize impact  as well as how they can be used to determine best 

practices.  

OPTIMIZING IMPACT IMMEDIATELY 

 

Practitioners often ask themselves questions about whether particular pieces of content will be more effective 

than others.  In the process of writing an email, an organizer might ask questions like òShould I go for a short and 

punchy subject line or something more descriptive?  Should I use an image or plain text?  What should my call 

to action sound like?ó  Instead of guessing or listening to consultants, these questions can easily be answered 

empirically using a process called òexperiment informed program.ó 

 

The Analyst Institute defines òexperiment informed programó (EIP) as òa program that uses experimentation to 

maximize the effectiveness of content and design, mode, and targeting. The results of the experiment are used 

to make ôquick turnaroundõ within program adjustments to increase efficacy.ó3  In other words, EIP uses 

experiments to inform elements of an ongoing program .  We use the terms òexperiment informed program,ó 

òrapid-turnaround experiment,ó and òimmediate optimization of contentó more or less interchangeably.  

 

The key distinction between experiment informed program and other forms of testing is that EIP provides quick 

feedback on competing versions of content or design for an ongoing program.  Although secondary goals 

ma y be to assess a programõs impact or determine best practices over time, the primary goal of EIP is to inform 

program elements in a specific context.  

 

In an online context, practitioners will typically test multiple versions of content among a subset of their entire 

email list.  After an immediate assessment of which versions of content performed the highest, the best version is 

rolled out to the entire email list.  This is often colloquially referred to as òA/B testing.ó  However, as we will 

discuss, òA/B testó describes a method of testing, rather than an implementation (such as EIP), and has uses 

beyond immediate optimization of content.  

 

If you were w riting an email to send later in the day and you were curious about what subject line your list was 

most likely to open, a rapid -turnaround experiment would help you answer this question.  You would test 

versions of subject lines with different random subs ets of your email list, and then use the best performing 

subject line with the rest of your membership.  

 

Online, rapid -turnaround experiments usually donõt cost any money to run and can lead to significant 

improvements in a programõs efficiency.  Human intuition is notoriously bad at predicting what constitutes 

effective content before it is empirically tested, whether it comes from our own guesswork or the 

recommendation s of consultants.  Weõve seen countless examples of practitioners unable to predict the results 

of experiments ex -ante.  Therefore we recommend that all progressive advocacy organizations employ this 

tactic in their email messaging campaigns.  

 

Rapid -turnaround experiments can be used to optimize many aspects of an email advocacy campaign.  These 

include:  

 

                                                             
2 Analyst Institute ð òWhy Run Political Experiments?ó 
3 Analyst Institute ð òGlossary of Termsó 
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 Sender or Subject Line  

 E-mail content  

o Copy  

o Length  

o Layout  

o Images/Video  

o Bolding  

o Links (text, formatting, placement)  

o Call to Action  

o Donation Amount  

 Landing pages  

 

Although rapid -turnaround experiments are fantastic, it is important to not generalize from the results of an 

individual test.  There are two important pitfalls to avoid in interpreti ng the results of one -off tests: dismissing 

context and over -interpreting your results.  

 

Pitfall #1: Dismissing Context.   Email campaigns are very si tuation dependent.  The results may not apply over 

time as the content of your program, awareness of your issue, composition of your list, and other potential 

factors we canõt even anticipate vary.  As you will see, we have sometimes run the exact same experiment 

with the same email list at different points in time and found widely varying results.  In addition, what holds true 

for one organizationõs email list may not necessarily hold true for another.  Rather than taking concrete lessons 

from tests run by  other groups, we urge all organizations to run their own experiments.  

 

Pitfall #2 : Over -Interpreting your Results .  If your organization ran a subject line test and found that one version 

performed vastly better than the other, that is very helpful in opt imizing the content of the specific email you 

are about to send.  However, it is difficult to draw any broader lessons to inform future work from an isolated 

test, because we donõt know why one subject line worked better than the other.  Without repetition, it is difficult 

to isolate what properties of the winning subject line made it particularly appealing to your list.  

ASKING BIG QUESTIONS AND ESTABLISHING BEST-PRACTICES THROUGH REPEATED TESTING 

 

Immediate optimization of program elements is very important, but it does not necessarily inform us about how 

to be better campaigners in the long term.  In addition to running rapid -turnaround experiments, we should be 

searching for broader best practices  about how we perform our work.  To do this, we need to test the same 

hypotheses repeatedly, both within an organizationõs program over time as well as across multiple programs or 

organizations.  If we run similar tests across a variety of contexts and obs erve results that are consistent, we will 

be equipped with best practices that help everyone run their programs more efficiently in the long term.  

 

Hypothetically, letõs say you wanted to know whether there is an optimal time of day to send email to your list.  

Over time, you repeatedly ran time of day tests and consistently found that sending email at around 10am led 

to higher action rates than any other time.  This result held up in a variety of contexts and issue environments.  

You could say that sendin g email at 10am is likely a best practice  for your program . 

 

In addition to testing for best practices, we challenge our progressive allies to think beyond the context of an 

individual email blast when evaluating their programs.  This can mean looking at t he downstream effects of 

current interventions (ex. òIf I send this email now, will significantly more people be unsubscribed from my list a 

month from now than had I not sent this email?ó)  This also means evaluating interventions that include more 

than a  single email.  For example, if you have developed different narratives around an issue and are unsure 

which one would be more effective for an advocacy campaign, you could test a series of emails where each 

email sent to a group conforms to one of several  narrative themes.  

 

Our challenge to the progressive community of online activists is to move past one -off tests and attempt to 

answer important questions about the way we do our work.  Instead of asking òDoes a red or blue button net 

me more donations?ó letõs ask bigger questions like òHow do we structure our campaigns?ó and òWhat types of 

narratives are most effective?ó 
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TESTING TERMINOLOGY 

 

Itõs important to distinguish between implementations of tests and test designs.  Testing for best-practices or EIP 

are examples of different implementations of tests.  A/B tests or multivariate tests are examples of different test 

designs.  

 

An òA/B testó refers to a comparison of two different versions of an element while keeping every other element 

in a piece of conte nt constant.  For example, an A/B test would compare two subject lines while keeping 

sender name, email text, time of day, and all other programmatic elements constant.  An òA/B/nó test is similar 

to an A/B test, but evaluates more than two versions of an element at once (for example, four different subject 

lines).  Even when more than two versions of an isolated element are tested, these types of tests are often 

referred to in shorthand as òA/B tests.ó 

 

A òmultivariate testó (factorial design in statistics) tests the effect of varying two or more elements at once.  For 

example, a subject line test that is run simultaneously with a sender name test would be a multivariate test.   

Making sense of the results of a multivariate test is considerably mor e complicated than for an A/B test as 

multiple permutations of treatment design need to be evaluated  in order to distill an observable impact.  

 

Each of these tests designs can be implemented  in different ways: rapid -turnaround experiments, program 

evaluati ons, and best practices testing.  

 

ON TO THE EXPERIMENTS! 

 

OUR PARTNERS 

 

This research wouldnõt be possible without the fantastic organizations who took time out of their already busy 

schedules to work with us.  Every single one of our partners added additi onal work to their plates for the sake of 

advancing the field of online experimental research in the progressive movement.  In addition, they took a risk 

in allowing an external partner access to their email campaigns.  Weõre honored for having the opportunity to 

assist their efforts.  

RESULTS TERMINOLOGY 

 

A few notes on some terms that are common ly used as we observe results : 

 

open rate:  the percentage of emails  in a condition that were  opened.  The numerator is the number of unique 

emails  in the condition that were opened  and the denominator is the total number of unique emails  in that 

condition.  Opens are tracked using invisible images embedded in the body of an email.  Many email clients 

block images, such as Gmail, so we are likely under counting the pr oportion of people who opened their email 

in every test. 4 

 

click -through  rate (CTR): the percentage of recipients  (unique by email) in a condition who clicked on a link 

within an email.  The numerator is the number of unique recipients  in the condition who  clicked through on the 

email and the denominator is the total numb er of unique emails in that condition.  

 

action:  some activity taken by email recipients  that advances the strategic goals of a campaign.  This could be 

a petition, a phone call to congress,  a letter to the editor, a donation, event attendance, and so on.  The 

                                                             
4 For more detail about how open rates and other metrics are calculated, see the Idealware article òThe Basics 

of Email Metrics: Are Your Campaigns Working? ó at http://www.idealware.org/articles/email_metrics.php  
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òaction rateó refers to the percentage of recipients  in a condition who took an action for a given email.  The 

numerator is the number of unique recipients  in the condition who took an action and the denominator is the 

total number of unique emails  in that condition.  

 

subscription rate : the percentage of all emails in an organizationõs messaging list that are subscribed to receive 

email messaging within a program.  Some organizations track subscriptions to different programs or òtracksó; 

where we evaluate subscription rate we are looking  only at emails that are subscribed to receive emails within 

the program we are testing.  

 

condition:  a segment  of emails that  were randomly assigned to receive a particular treatment (ex. sender 

name, email format).  Other than the time of day tests, email s were scheduled to be sent to each condition at 

the exact same time.  

SENDER NAME 

 

Sender name is what appears in the òfromó field when you receive an email.  These tests attempted to answer 

the question òHow does the identity of the sender relate to email performance?ó 

HEALTH CARE FOR AMERICA NOW (HCAN) ð VARIOUS SENDERS 

 
Collaborator : Jason Rosenbaum.  

 
Time Frame of Test:  11/23/2009 ð 12/04/2009  

 
Research Question : Does using a different sender (as opposed to the same sender) for each email blast HCAN 

sends improve overall list performance?  

 
Background  

 

Although a majority of large progressive advocacy organizations send their email blasts from a variety of 

senders, m any organizations  send all of their email from the same individual.  There are compelli ng arguments 

for both approaches.  One could argue that sending each email from the same individual establishes a 

personal relationship and trusted brand.  On the other hand, something about the variety of different senders 

may make email messages more int eresting and likely to be read.  

 

On the HCAN list, the status quo was to receive messages from the same sender on each blast.  We were 

curious about whether sending emails from a different sender on each blast would increase list performance.  

 
Design and I mplementation  

 

We randomly assigned a treatment group of 50,000 individuals who would receive email from a different 

sender on each blast.  The control group of 96,572 continued to receive email from the same individual on 

each blast.  Three treatment emails were sent between November 23 rd and December 4 th, 2009.  Other than 

sender name, the emails the treatment and control groups received were identical.  

 

We wanted to isolate the effect of receiving email from a variety of senders from that of inherent  properties of 

the name itself.  For example, letõs say members are used to receiving email from òNirmal,ó and a random 

subset begins to receive email from òSam.ó  If the emails from òSamó perform better, we canõt necessarily 

attribute the increase in perf ormance to recipients getting email from a different sender (òSamó may simply be 

a better name than òNirmaló to send email from). 

 

To account for this, we first sent everyone in the treatment group one email from each of three different 

senders, while the control group continued to receive email from the same sender.  After administering the 

treatment emails, we began sending both groups identical emails (from the same sender) and then measured 
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the difference in performance between the treatment and control  groups.  Any difference in the performance 

of the two groups in these subsequent emails can be attributed to the òdifferent senderó treatment. 

 

Treatment:  Levana Ą Levana Ą Sender 1Ą Sender 2 Ą Sender 3Ą Levana Ą Levana  

Control:  Levana Ą Levana Ą Levana Ą Levana Ą Levana Ą Levana Ą Levana  

Figure 2: First two emails are for illustrative purposes only, and not included in our analysis. The effect of treatment was measured  by the 

performance of the last two emails.  

Results 

 

The treatment group tended to outperform the control group, both while the treatment was administered as 

well as when we were measuring the effect afterward.  The table below reports open rates and click -through  

rates (CTR) for each email.  

 

E-mail  Date  
Treatment 

Phase 

Control 

Open Rate  

Treatment 

Open Rate  

Control 

CTR 

Treatment 

CTR 

Senate Vote Followup  11/23/2009  Treatment  26.1% 33.4% 12.5% 15.3% 

Stop Stupak  12/1/2009  Treatment  21.6% 23.4% 13.0% 14.0% 

Build for the win  12/4/2009  Treatment  21.2% 23.1% 2.6% 2.6% 

Public Option Petition  12/8/20 09 
Measured 

Effect  
23.8% 24.3% 1.6% 1.7% 

Information Update  12/19/20 09 
Measured 

Effect  
23.5% 24.2% 0.5% 0.5% 

Figure 3: Open rates and click -through  rates for each email blast.  

The emails as part of the treatment were opened at a significantly higher rate than their counterparts in the 

control group (p < 0.001).  

 

 

Figure 4: Open rates for email blasts while treatment was administered.  Error bars represent 95% confidence interval.  
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Two of the emails as part of the treatment were opened at a significantly higher rate than their counterparts in 

the control group (òSenate Vote Followupó and òStop Stupak,ó p < 0.01): 

 

 

Figure 5: Click -throug h rates for email blasts while treatment was administered.  Error bars represent 95% confidence interval.  

Once we brought the treatment group back into the regular messaging stream, the emails the treatment 

group received were opened at a significantly hig her rate than that of the control group (p < 0.05 for òPublic 

Option Petition,ó p < 0.01 for òInformation Updateó).  As mentioned previously, these groups were receiving 

completely identical emails, the only difference between them was whether they were in  the òdifferent senderó 

track during previous blasts.  
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Figure 6: Open rates for email blasts after treatment was administered. Error bars represent 95% confidence interval.  

Although the òdifferent senderó treatment improved the open rate of subsequent email blasts, we did not find 

a significant difference in the click -through  rates of the subsequent emails.  

 

 

Figure 7: Click -through  rates for email b lasts after treatment was administered.  Error bars represent 95% confidence interval.  
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Takeaways  

 

Sending each email from a different sender appeared to lead to an increase in performance for HCANõs email 

list.   

GETEQUAL ð SENDER NAME (PROPER NAME, ORGANIZATION, COMBIN ATION) 

 
Collaborator:  Heather Cronk  

 
Time Frame of Test:  8/10/2010 ð 8/24/2010  

 
Research Question : What variation of sender name is most optimal for GetEQUALõs list?  One that uses just 

sender name, just organization name, or both sende r name and organization name?  

 
Design and Implementation  

 

We randomly assigned a portion of GetEQUALõs email list to three groups of 13,053 individuals each.  One 

group always received email from a sender that included both name and organization (ex. òRobin McGehee, 

GetEQUALó).  The second group always received email from a sender that used just name (ex. òRobin 

McGeheeó) and the third group always received email from a sender that used just organization 

(òGetEQUALó). 

 

We emailed these groups on August 10, August 20, and August 24, 2010.  For each blast, we measured the 

difference in performance in open and click -through  rates between each of the groups.  We wanted to know 

not only if there was a difference in performance, but whether that difference changed over time.  

 
Results 

 

In general, the òjust nameó track tended to outperform the other conditions.  The table below reports open  and  

click -through  rate (CTR) for each email and condition.  

 

Response  

Both name and 

organization  Just name  

Just 

organization  

Open Rate August 10  16.4% 19.1% 15.9% 

Open Rate August 20  14.4% 16.6% 13.4% 

Open Rate August 24  17.2% 20.8% 16.8% 

CTR August 10 2.4% 2.8% 2.4% 

CTR August 20 2.4% 2.3% 2.5% 

CTR August 24 1.9% 1.9% 2.0% 

Figure 8:  Open  and  click -through rates for each blast.  

In terms of open rates, òjust nameó significantly outperformed the other two tracks for all three email blasts (p < 

0.001). 
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Figure 9: Open rates for each blast.  Error bars represent 95% confidence interval.  

Although òjust nameó significantly outperformed the other two groups for click -throughs  during the August 10 

blast (p < 0.05), there was no significant difference in click -throughs across groups for the other emails.  

 

 

Figure 10:  Click -through  rates for each blast.  Error bars represent 95% confidence interval.  
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Takeaways  

 

Sending email using only an organizerõs name and no organizational identifier appears to have caused an 

increase in open rates for GetEQUAL, compared to other variations of òsender name.ó 

HEALTH CARE FOR AMERICA NOW (HCAN) ð SENDER FIRST NAME 

 
Collaborator:  Jason Rosenbaum.  Thanks to Todd Rogers and John Ternovski at the Analyst Institute for 

suggesting this test, reviewing the design, and checking our analysis.  

 
Time Frame of Test:  November 20, 2009  

 
Research Question : Is an email message more  effective if the senderõs first name is identical to that of the 

recipient?  

 
Background  

 

The òname letter effectó describes a hypothesis that people prefer the letters in their own name over other 

letters.  It stands to reason that people may be more likely to open or act on an email simply because they 

have a similar name to the person sending it.  In this case we tested sending emails from the exact same first 

name as the recipient, not just the first letter.  

 
Design and Implementation  

 

We tested fir st name òmatchingó on an informational email blast about Senate procedure on November 20, 

2009.  First, we identified the 12 most common first names in HCANõs membership database.  We randomly split 

these 18,154 members into a treatment and control group.  The treatment group was assigned to a sender 

based on name òmatching.ó  So if the recipientõs first name was òJohn,ó they received an email from a sender 

with the first name òJohnó on November 20. 

 

The control group was randomly assigned to the same distr ibution of first names as appeared in the entire 

group.  So if 7.7% of the entire experimental universe had the first name òJames,ó a random 7.7% of the control 

group was assigned to a sender with the first name òJames.ó  However, we did not want the óBarbarasó in the 

control group to receive an email from òBarbara.ó  To account for this, we adjusted the proportions so that the 

sender name and recipient name did not match for each first name in the control group.  

 

Random Assignment Within the Control Group  

 
First Name Total Percentage Barbara David James John Linda Mary Michael Nancy Richard Robert Susan William

Barbara 1,251 6.9% 7.8% 7.5% 7.9% 7.4% 7.5% 7.6% 7.3% 7.4% 7.7% 7.4% 7.4%

David 2,148 11.8% 12.7% 12.8% 13.5% 12.7% 12.9% 13.1% 12.5% 12.8% 13.2% 12.8% 12.6%

James 1,395 7.7% 8.3% 8.7% 8.8% 8.2% 8.4% 8.5% 8.1% 8.3% 8.5% 8.3% 8.2%

John 2,257 12.4% 13.4% 14.1% 13.5% 13.3% 13.5% 13.8% 13.2% 13.4% 13.8% 13.4% 13.3%

Linda 1,179 6.5% 7.0% 7.4% 7.0% 7.4% 7.1% 7.2% 6.9% 7.0% 7.2% 7.0% 6.9%

Mary 1,489 8.2% 8.8% 9.3% 8.9% 9.4% 8.8% 9.1% 8.7% 8.8% 9.1% 8.8% 8.8%

Michael 1,789 9.9% 10.6% 11.2% 10.7% 11.3% 10.5% 10.7% 10.5% 10.6% 11.0% 10.6% 10.5%

Nancy 1,034 5.7% 6.1% 6.5% 6.2% 6.5% 6.1% 6.2% 6.3% 6.1% 6.3% 6.1% 6.1%

Richard 1,317 7.3% 7.8% 8.2% 7.9% 8.3% 7.8% 7.9% 8.0% 7.7% 8.1% 7.8% 7.7%

Robert 1,833 10.1% 10.8% 11.5% 10.9% 11.5% 10.8% 11.0% 11.2% 10.7% 10.9% 10.9% 10.8%

Susan 1,325 7.3% 7.8% 8.3% 7.9% 8.3% 7.8% 8.0% 8.1% 7.7% 7.9% 8.1% 7.8%

William 1,136 6.3% 6.7% 7.1% 6.8% 7.1% 6.7% 6.8% 6.9% 6.6% 6.7% 7.0% 6.8%

Total 18,153  

Figure 11:  How first names were randomly assigned to the control group.  Recipient first names are the column headers (white text on dark 

blue) and sender first names are the row headers.  For example, a random 12.9% of people in the control group whose first name starts with 

òMaryó were assigned to a sender whose first name was òDavid.ó 

The last name of the sender was identical for all first names and conditions.  
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We tracked open and click -through  rates for each condition.  As an informational email, it did not contain an 

òactionó beyond clicking through the email for additional material on the issue . 

 
Results 

 

We did not find a significant difference in open or click -through  rates based on whether the recipients were 

matched on  first name or not (at an alpha level of 0.05).  

 

Condition  Open Rate  Click -through Rate  

Treatment  23.3% 1.6% 

Control  23.9% 1.8% 

Figure 12: Open and click -through  rates for each condition.  

Takeaways  

 

We did not find matching on first name to have any effect on open or click -through  rates, but feel this tactic is 

worth further study.  We may not have found an effect because people with common names are used to 

encountering other individuals with the sam e name.  It may be worth exploring a name match using less 

common names, or matching based on ethnicity.  

 

EMAIL FORMAT 

 

The following tests explore different ways to format emails.  

HEALTH CARE FOR AMERICA NOW (HCAN) ð EMAIL FORMAT 

 
Collaborator:  Jason Rosenbaum  

 
Time Frame of Test:  1/7/2010 ð 1/20/2010  

 
Research Question : Is there a particular email format that optimizes opens, click -through s, and actions for 

HCAN?  

 
Background  

 

When HCAN launched their email program they considered using three different email formats in online 

communication with their members.  Anecdotal evidence indicated a òstripped downó format using plain text 

was preferable to an email format that used a banner or call out box.  However, they wanted to determine 

empirically  what the best email format for their list was.  

 
Design and Implementation  

 

HCAN wanted to compare three email layouts: the òstripped downó format they had been using, a òwrapperó 

format that included a banner image in the heading of the email, and a òMoveOnó inspired format with a call 

out box in the upper right corner.  
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Figure 13: òStripped downó email format. 
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Figure 14: òWrapperó email format. 

 

Figure 15: òMoveOnó inspired email format.  

We divided a subset of HCANõs list into four random groups of 42,000.  Other than email format, each of these 

groups received identical messages on January 7, January 13, and January 20, 2010.  Three of the groups were 

assigned to a single email format (òstripped,ó òwrapper,ó or òMoveOnó).  Each of these three groups always 

received messages in the corresponding email format.  

 

The fourth group, a òchangingó format, received a different email format with each blast.  If we observed a 

differen ce in performance between each of the three email formats, we wouldnõt necessarily be able to 

attribute it to the inherent properties of a particular format.  It is plausible that receiving a new email format in 

itself causes an email to be more compelling  to a recipient and more likely to be clicked on.  The òchangingó 

condition attempts to isolate these alternative explanations.  

 

Date  Stripped  Wrapper  MoveOn  Changing  

01/07/2010  Stripped  Wrapper  MoveOn  MoveOn  

01/13/2010  Stripped  Wrapper  MoveOn  Wrapper  

01/20/2010  Stripped  Wrapper  MoveOn  Stripped  

Figure 16: Email format assignments for each group.  

Results 

 

No email format stood out as being much better than the others.  The following table displays click -through  

(CTR) and action rates for each email during the test.  
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Response  Stripped  Wrapper  MoveOn  Changing  

1/7 Finish Reform Right CTR 10.2% 9.2% 9.3% 9.1% (MoveOn)  

1/13 National Call -In Day CTR 1.5% 1.3% 1.8% 1.4% (Wrapper)  

1/20 FRR Resend CTR 8.1% 8.4% 7.0% 8.0% (Stripped)  

1/7 Finish Reform Right Action  1.8% 1.6% 1.7% 1.6% (MoveOn)  

1/13 National Call -In Day Action  0.4% 0.3% 0.4% 0.3% (Wrapper)  

1/20 FRR Resend Action  1.2% 1.2% 1.0% 1.1% (Stripped)  

Figure 17: Click -through  and action rates for each blast in the email format test.  

For each blast, a different email format was the top performer in terms of click -throughs.  The òstrippedó format 

performed best for the January 7 òFinish Reform Rightó message (p < 0.05).  The òMoveOnó format performed 

best for the January 13 òNational Call In Dayó blast (p < 0.05).  Although the òwrapperó format was not 

significantly different than the òstrippedó format for the January 20 òFRR Resendó blast, it significantly 

outperformed the òMoveOnó format (p < 0.05).  The òchangingó group was never significantly different from the 

email format of the group it was mirroring.  

 

 

Figure 18: Click -through  rates for each blast.  Error bars represent 95% confidence interval.  

Email format also did not appear to have any impact on the action rates of each ask.  
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Figure 19: Action rates for each blast.  Error bars represent 95% confidence interval.  

 
Takeaways  

 

No email format performed consistently better than the others in terms of optimizing click -through s.  Email 

format did not have a significant impact on action rate.  

 

The òchangingó format was always statistically indistinguishable from the email formats of the groups it was 

mirroring on a particular blast.  So, there was nothing about receiving a new format that made it particularly 

compelling to recipients on HCANõs list. 

 

This experiment illustrates the dangers of over -generalizing from the results of a o ne -off A/B test.  Had we only 

run this test once and generalized from that, we could have assumed that the òstrippedó format is always 

preferable to the other two email formats.  In reality, no email format is preferable to any other for HCANõs list. 

GETEQUAL ð VIDEO EMBED FORMAT 

 
Collaborator:  Heather Cronk  

 
Time Frame of Test:  8/8/2010 ð 8/26/2010  

 
Research Question : Is there a particular email format that optimizes whether a video linked within an email will 

be viewed or not?  

 
Background  

 

GetEQUAL often uses video in their emails to enhance their organizing campaigns.  The stories told in these 

videos are often an integral component of what they ask their members to do.  Given the role that storytelling 

through video plays in GetEQUALõs work, they wanted to know whether a particular email format makes a 

linked video more likely to be viewed or not.  
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Design and Implementation  

 

GetEQUAL wanted to compare three different email formats for video.  The first embeds an image of the video 

in the body of th e email.  The second embeds an image of the video in a call out box.  And the third format 

uses a text link in the body rather than an image.  

 

 

Figure 20: Format 1 ð image in body  
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Figure 21: Format 2 ð image in call out box  

 

Figure 22: Format 3 ð text link only  
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We randomly split a portion of GetEQUALõs list into three groups of 13,054.  Other than email format, each 

group received identical emails on October 8, October 19, and October 26 2010.  The first group always 

received messages with an image in the body of the email, the second group always recei ved messages with 

an image in a call out box, and the third group always received messages that included a text link only.  

 

Results 

 

Overall, using an image in the body of the email appeared to be the most effective way to encourage 

recipients to watch the linked video.  An image in the call out box was also effective, but not in every case.  

The table below lists the click -through  rate  for each condition and blast.  

 

Date  Image in body  Call out box  Text only  

October 8 , 2010 6.5% 6.4% 5.6% 

October 19 , 2010 2.0% 1.8% 1.6% 

October 26 , 2010 1.5% 1.3% 1.7% 

Figure 23: Click -through  rates (CTR) for each condition and blast.  

On October 8, both an image in the body of the email and a call out box significantly outperformed a text only 

link, but were statistically indistinguishable from each other.  On October 19, image in the body of t he email 

had the highest click -through  rate and was significantly higher than a text only link.  However, the click -through  

rate for a call out box was not significantly different from the other conditions.  On October 26, an image in the 

body of the email  and a text only link significantly outperformed the call out box, but were not significantly 

different from each other.  

 

 

Figure 24: Click -through  rates for each blast.  Error bars represent 95% confidence interval.  

Takeaways  

 

An image in the body of the email appears to be the most consistent of the three approaches to encouraging 

members to watch a video for GetEQUALõs list, though in no test did it strictly dominate the other approaches. 
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PLAN-MAKING  

 

The following experiments are inspired by research from the Analyst Institute that demonstrates that asking 

voters when they plan to vote dramatically increases the impact of voter turnout  calls.  

ORGANIZATION A ð PLAN-MAKING  

 

Time Frame of Test:  2/26/2010 ð 3/5/2010  

 
Research Question : Does asking individuals who have pledged to call Congress to specify wh at time they plan 

to make a call increase their response rate?  

 
Background  

 

The Organization A ran a national call -in campaign in early March 2010 that we  designed a series of tests 

around.  Their members were first asked to pledge to call Congress.  After the pledge, they were asked to call 

Congress in a series of three emails.  Recipients were also asked to report back using an online form on how 

their ca lls went.  

 

When activists called the number of the hotline included in the email, Org A was able to use caller ID to 

capture their phone number.  Many of Org Aõs members were matched to the voter file, and they were able to 

append phone number data to a portion of their list.  By matching the phone numbers from their caller ID to 

the matched phone numbers from the voter file, we could sometimes capture whether a member used the 

call -in tool or not.  Although the phone number match was imperfect, and we we re likely underestimating the 

percentage of patch -throughs, we were able to use it as a dependent variable.  

 

We were interested in using this opportunity to examine whether we could use plan -making to affect future 

behavior (here, likelihood to make calls to Congress).  

 
Design and Implementation  

 

We selected a universe of 523,000 members to ask to pledge to call Congress on February 26 and March 1, 

2010.  Once someone pledged to call, they entered the experimental universe.  
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Figure 25: The pledge ask.  

 

The 14,804 who pledged to call were randomly assigned to one of two landing pages, òbackgroundó and 

òplan-making.ó  The òbackgroundó group was sent to a landing page that provided background information 

on the issue as well as suggested talking points for the recipientõs upcoming call.  The òplan-makingó group was 

sent to a landing page that asked recipients when they planned to make a call.  
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Figure 26: Part of the òbackgroundó landing page 

 

Figure 27: Part of the òplan-makingó landing page. 
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Org A  ran the call -in campaign between March 2 and March 4, 2010.  Members of the experimental universe 

received an ask to call Congress every day of the campaign.  We tracked whether they reported back, 

attempted a patch -through (via phone number match), and completed a patch -through (via phone number 

match).  

 
Results 

 

Condition  Pledged  
Reported 

Back  

Pledged & 

Has Phone #  

Attempted 

Patch -through  

Completed 

Patch -through  

Background  7,417 20.0% 2,750 7.3%* 6.0%* 

Plan-making  7,387 20.8% 2,685 9.2%* 7.6%* 

Figure 28: Report back and patch through rates for each condition. * indicates significance at p < 0.01  

Whether someone was assigned to the background or plan -making condition had no impact on whether they 

reported back their call.  However, using the phone number match we were able to find significantly more 

people who attempted and completed a patch -through call in the òplan-makingó condition than in the 

òbackgroundó condition (p < 0.01). 

 

We were also able to capture the length of time a caller spent on the line from Org Aõs call-in tool.  For 

example, itõs plausible that people in the òbackgroundó condition would have spent more time on the phone 

because  they were exposed to additional information about the issue that the plan -making condition was not.  

However, when we compare the distribution of call length between the òbackgroundó and òplan-makingó 

conditions, we donõt see evidence of this. 

 

 

Figure 29: Distribution of call length by condition.  
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Takeaways  

 

Using the principles of plan -making appeared to increase the effectiveness of Org Aõs call-in campaign.  

However, we may be underestimating the magnitude of this effect du e to the messy phone number match.  

Also, more testing is needed to determine whether this tactic would be useful for other email lists, or would 

persist on Org Aõs list over time. 

FIREDOGLAKE (FDL) ð PLAN-MAKING  

 
Collaborators:  Michael Whitney and Brian Sonenstein  

 
Time Frame of Test:  10/14/2010 ð 10/16/2010  

 

Research Question : Does asking individuals who have pledged to make turnout calls to voters to specify what 

day and time  they plan to make a call increase their response rate?  

 
Background  

 

As part of Firedoglakeõs 2010 campaign to pass Proposition 19 in California, they asked members of their email 

list to make targeted turnout calls to young voters in the state.  Since we were able to track who on their list 

made a call using their online v oter contact tool, we wanted to know whether we could use plan -making to 

increase their response rate.  

 
Design and Implementation  

 

We asked a targeted universe of 116,040 individuals to pledge to call voters on October 14, 2010.  By clicking 

through on the  email, recipients pledged to make a call on October 16 and entered the experimental universe.  
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Figure 30: The ask to pledge to call.  

The 1,777 individuals pledged to call were randomly split between ònormaló and òplan-makingó conditions.  The 

people in the ònormaló condition were directed to a standard thank you page.  The people in the òplan-

makingó condition were directed to a page asking them when they planned to make their call. 

 

 

Figure 31: òNormaló landing page. 
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Figure 32: òPlan-makingó landing page. 

On October 16, the people who had pledged to call were asked to call voters using FDLõs online voter contact 

tool.  We tracked at the individual level whether they ma de at least one call or not.  

 
Results 

 

Whether someone was assigned to the ònormaló or òplan-makingó condition did not have a statistically 

significant  impact on their likelihood to make a call.  

 

Condition  Pledged  Made Call  

Normal  880 9.2% 

Planning  897 8.5% 

Figure 33: Action rates for each condition.  No significant differences at an alpha level of 0.05  

Prior to running this test, we performed a òpower calculationó to determine whether we would be contacting a 

large enough group of people to find a significant effect from the òPlanningó treatment.  We understood  that 

our test did not have enough sample size  if we expected to find  the same magnitude of effect as the Org A 

plan -making test.  However, unlike the Org A test, we were able to definitely track whether someone made a 

call using FDLõs online tool, so we thought the test was worth running because we might  have  observe d  a larger 

effect here.  

 
Takeaways  

 

We did not find that plan -making was effective in increasing the action rate of FDLõs membership. 

 

EXCLUSION 

 

Advocacy organizations often ask themselves, òare we sending too much email?ó  The following experiments 

attempt to answer this question.  We wanted to learn more about the relationship between message volume 

and list performance.  

 

In particular, we were interested in the relationship between message volume and unsubscribes from an email 

list.  It makes intuitive sense that the less a messaging campaign contacts a group of people, the more likely 

they are to remain subscribed to an e mail list, simply because individuals on the list have fewer  opportunities to 

unsubscribe.  We attempt to quantify this relationship.  

HEALTH CARE FOR AMERICA NOW (HCAN) ð EXCLUSION 

 
Collaborator:  Jason Rosenbaum.  Thanks to Marc Laitin for suggesting this test. 

 
Time Frame of Test:  12/8/2009 ð 12/19/2009  

 

Research Questions : 

 

1. Does withholding email from òdormantó list members increase their eventual performance? 

2. What is the best introductory message to engage these members when they rejoin the list?  

 

There are two components to this test.  In the first, we held out email from òdormantó list members to see if it 

would increase their list performance when they were reintroduced to the messaging stream.  In the second, 

we tested different introductory messages with the reintroduced òdormantó members to see if any message 

was preferable to the others.  
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Design and Implementation  

 

We defined a list member as òdormantó if they had been on HCANõs list but had never opened an email, 

clicked a link in an email, made a donation, or had taken any action for a period of two and a half months.  

There were 58,524 òdormantó members in the two and a half months preceding November 4, 2009.  We 

randomly split these individuals into two groups of equal size, a treatment and contr ol group.  

 

The treatment group was removed from HCANõs email list starting on November 6.  They did not receive any 

messages from HCAN until December 8, when they were added back to messaging stream.  The control group 

continued to receive email from HCAN as usual throughout this entire period.  We measured the difference in 

performance between the two groups on subsequent blasts.  

 

Upon the treatment groupõs reintroduction to the HCAN list on December 8, we ran an additional test 

attempting to determine wha t the optimal introductory message to reengage these dormant members was.  

Of the 29,285 individuals in the holdout group, a random half (14,642) were assigned to receive a òstandardó 

message, a random quarter (7,321) were assigned to receive an òintroó email, and the last random quarter 

(7,322) were assigned to an òevergreenó email.  The difference in performance between these groups was 

measured for the subsequent blast on December 19, when individuals in every group received an identical 

email.  

 

The ònormaló email was the same message that everyone else on HCANõs email list received.  The òintroó email 

explicitly acknowledged the recipientõs inactivity and asked them to òget back into the fight.ó  The 

òevergreenó email asked the recipient to tell friends about HCANõs campaign. 

 

 

Figure 34: Text of òintroó email. 
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Figure 35: Text of òevergreenó email. 

 

Date  Treatment Group  Control Group  

Prior to November 6 , 

2009 
Received all messages from HCAN  

Received all messages 

from HCAN  

November 6 ð 

December 7 , 2009 
Stopped receiving any messages from HCAN  

Continued receiving all 

emails from HCAN  

December 8 , 2009 

50% of treatment group 

received òstandardó 

message from HCAN.  

This random half of the 

treatment group  was 

compared to the control 

group to assess the 

impact of the òholdoutó 

intervention  

25% of 

treatment 

group 

received 

òintroó 

message 

from HCAN  

25% of 

treatment 

group 

received 

òevergreen ó 

message 

from HCAN  

Received òstandardó 

message from HCAN  

December 19 , 2009 

Receiv ed òstandardó message from HCAN 

 

Here, the entire treatment group was compared to the 

control group to assess the impac t of the òholdoutó 

intervention  

 

This is also where we compared the òstandard,ó òintro,ó 

and òevergreenó introductory messages on December 

8 to each other  

Received òstandardó 

message from HCAN  

Figure 36: Timeline of implementation and analysis of holdout test.  
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Results 

 

First, we wanted to assess the effectiveness of the òholdoutó treatment.  On December 8, we took the control 

group of 29,285 and compared it to the ònormaló group of 14,642 (the random half of the treatment group that 

received an identical email to the control group).  On December 19 we compared the full treatment and 

control group s to each other, because they received identical emails.  

 

On December 8, we observed that people in the treatment group opened email at a significantly higher rate 

than the control group (p < 0.05).  However, t here was no difference in click -throughs.  

 

E-mail  Date  
Control Open 

Rate  

Treatment Open 

Rate (½)  

Control 

CTR 

Treatment 

CTR (½) 

Public Option Petition  12/8 /09  2.2%* 2.6%* 0.4% 0.5% 

Figure 37: Open and click -through  rates (CTR) for treatment and control groups on December 8. Asterisk (*) indicates p < 0.05  

By December 19, the difference in open rates we had previously observed between the two groups no longer 

existed.  

 

E-mail  Date  
Control Open 

Rate  

Treatment Open 

Rate  

Control 

CTR 

Treatment 

CTR 

Information Update  12/19 /09  2.1% 2.3% 0.2% 0.2% 

Figure 38: Open and click -through  rates (CTR) for treatment and control groups on December 19.  

We found that that over time, the treatment group retained more members than the control group.  Although 

some of this effect can be attributed to the fact that the treatment group simply had fewer opportunities to 

unsubscribe (in the form of an unsubscrib e link contained in the emails they didnõt receive), this effect lasted 

over a month after we administered the treatment.  The following chart displays the percentage of individuals 

who remained subscribed in each group over time (p < 0.001 everywhere).  
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Figure 39: Subscription rate by condition over time, starting when the treatment group was reintroduced to the HCAN messaging stream.  All 

differences are statistically significant (p < 0.001).  

The treatment subscription rate sta rts three percentage points lower than the control group because during the 

period the treatment was administered members of the treatment group did not have an opportunity to 

unsubscribe from HCANõs email list (they werenõt receiving any email).  On the other hand, the control group 

went through natural list churn during that period.  

 

These results can be deceiving. It might look like sending fewer emails is better because it resulted in a reduced 

unsubscribe rate, but that could just be entirely due to th e fact that the treatment group had three fewer 

chances to unsubscribe. To illustrate the pitfall  in the logic here, consider this: if subscription rate is your only 

metric of concern, there's one really great way to keep it high: never email your list.  

 

On December 19, we did not find any significant differences based on which introductory email each group 

received.  

 

Condition  
Open 

Rate 
CTR 

Control  2.1% 0.2% 

Standard  2.3% 0.3% 

Intro  2.1% 0.3% 

Evergreen  2.3% 0.2% 

Figure 40:  Open and click -through  rates (CTR) for each introductory email condition.  No significant differences.  
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Takeaways  

 

For HCANõs inactive list members, there appears to be some relationship between frequency of email and list 

performance.  Although we observed that people who did not receive email for a month opened their email 

at a higher rate once they were reintroduced  to the messaging stream, this difference did not persist over time.  

On the other hand, many more people in the treatment group remained subscribed over time than the control 

group.  

 

In retrospect we should not have run the second component of this test comparing different introductory 

messages, we did not have enough sample size for a sufficiently powered test.  

ORGANIZATION A ð EXCLUSION 

 

Time Frame of Test:  February 26 to March 29, 2010  

 
Research Questions  

 

1. What impact does withholding email have on the  efficacy of an advocacy campaign?  

2. Are particular asks, such as a pledge to take a future action, òworthó the cost of sending an additional 

email?  

 
Background  

 

Organization A ran a national call -in campaign in early March 2010 that we designed a series of tests around, 

including the plan -making test detailed in the previous section .  Their members were first asked to pledge to 

call Congress.  After the pledge, th ey were asked to call Congress in a series of three emails.  Recipients were 

also asked to report back using an online form on how their calls went.  

 

When activists called the number of the hotline included in the email, Org A was able to use caller ID to 

capture their phone number.  Many of Org Aõs members were matched to the voter file, and they were able to 

append phone number data to a portion of their list.  By matching the phone numbers from their caller ID to 

the matched phone numbers from the voter file, we could sometimes capture  whether a member used the 

call -in tool or not.  Although the phone number match was imperfect, and we were likely underestimating the 

percentage of patch -throughs, we were able to use it as a dependent variable.  

 

We wanted to know whether holding out email at particular points of Org Aõs messaging campaign had any 

impact on the effectiveness of their program.  We were particularly interested in measuring the effect on call -in 

rate and unsubscribes.  

 
Design and Implementation  

 

There are two points during Org Aõs campaign that we withheld email: the initial ask to pledge to call, and then 

the eventual ask to make the calls themselves.  Of a targeted universe of 552,515, we withheld 15,004 members 

from the pledge to make calls on February 26 and March 1, 2010.  We withheld another 14,996 from both the 

pledge ask as well as the ask to make calls itself (March 2 through 4).  

 

This gave us an opportunity to answer two questions: whether asking someone to pledge to call increased their 

eventual action rate, as well as determining what impact excluding someone from the call -in campaign 

entirely had on subsequent performance.  To answer these questions, we tracked whether sending the pledge 

message had any impact on the report back or patc h-through rate (from the phone number ma tch).  We also 

tracked the open , click -through , and action rates of both exclusion groups after the initial campaign.  
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Date  Control (550K)  Excluded from Pledge (15K)  
Excluded from Pledge and 

Ask (15K) 

February 26  and 

March 1 , 2010 

(Pledge Ask)  

Received email asking for 

commitment to take action 

between March 2 and 

March 4  

Excluded  Excluded  

March 2  through 

March 4 , 2010 

(National Call In 

Day)  

Received ask to call 

Congress  

Received ask to call 

Congress  

 

The action rate of this group 

was compared to that of 

the control group to assess 

whether it was òworthó 

asking members to pledge 

to take action.  

Excluded  

March 9 , March 

25, and March 

29, 2010 

(Standard Org A 

program)  

Received standard 

communications from Org A  

 

Compared performance of 

control group to both 

exclusion groups  

Received sta ndard 

communications from Org A  

 

Compared performance of 

control group to both 

exclusion groups  

Received sta ndard 

communications from Org A  

 

Compared performance of 

control group to  both 

exclusion groups  

Figure 41: Timeline of implementation and analysis of exclusion test.  

Results 

 

There are two components to our analysis.  The first is whether the group that was sent the pledge ask  made 

calls at a higher rate than the control group, which received every email.  The group that was asked to pledge 

to call reported back  at a higher rate than the group that was not asked to pledge to call (p < 0.001).  

However, we were not able to find any significant differences in attempted  or completed  patch -through rate 

based on our phone match.  

 

Condition  
Group 

Size 

Reported 

Back  

Has 

Phone #  

Attempted 

Patch -through  

Completed 

Patch -through  

Asked to Pledge (Control)  522,515 1.1%* 94,191 0.8% 0.7% 

Not asked to pledge, but 

asked to call  
15,004 0.7%* 2,792 0.6% 0.6% 

Figure 42: Action rate during call in campaign by condition.  * indicates significance at an alpha level of 0.001  

Secondly, we wanted to determine what impact the holdout groups had on email performance more 

generally after the initial call in campaign.  The following table displays open, click -through , and action rates 

for seve ral email blasts after the call -in campa ign.  We found that the group that was not asked to pledge or 

call opened the March 9 email at a significantly higher rate than the group that received all emails (p < 0.05).  

However, otherwise there were no significant differences between any of the grou ps. 
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Response  
Received 

all emails  

No pledge ask, 

but asked to call  

Not asked to 

pledge or call  

Opened 3/9 Gore Conf Call Email  14.3% 14.8% 15.4% 

Opened 3/25 Petition  16.1% 16.9% 16.6% 

Opened 3/29 Donation Ask  15.5% 15.9% 15.7% 

CTR 3/25 Petition  4.6% 4.8% 4.8% 

CTR 3/29 Donation Ask  0.8% 0.8% 0.8% 

Signed 3/25 Petition  5.8% 5.9% 5.8% 

Donated 3/29 Donation Ask  0.5% 0.5% 0.4% 

Figure 43: Open, click -through  (CTR), and action rates for each condition after the call in campaign.  

We also found that, over time, the people who were excluded from emails were more likely to remain 

subscribed on Org Aõs list.  All differences on March 9 and March 29 are significant at an alpha level of 0.05.  By 

April 7, the control group and the group that was excluded from both the pledge and call ask are significantly 

different from each other (p < 0.05), but not from the group that was excluded from the pledge ask only.   

Again, t his does not mean that sending fewer emails was  necessarily optimal for their  program.  

 

 

Figure 44: Percentage subscribed by condition, over time.  

Takeaways  

 

For Org A, withholding email during this campaign did not appear to have  any meaningful long term benefits.  

People who were asked to pledge were more likely to report back making a call then people who were not 

asked to pledge , but we could not find evidence that there was an increase in actual calls made or 
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attempted .  Holding out email also did not seem to have an impact on Org Aõs subsequent campaigns. 

 

TIME OF DAY 

 

òIs there an optimal time of day to send an email?ó  This is one of the questions we are most commonly asked.  

Although purely tactical, this is relevant t o determining the workflow of practitioners who have to decide 

between spending extra time to write a more effective email or sending a message immediately.  

HEALTH CARE FOR AMERICA NOW (HCAN) ð TIME OF DAY 

 
Collaborator:  Jason Rosenbaum.  Thanks to Blue St ate Digital for providing additional data for our analysis.  

 
Time Frame of Tests: October 2009 to March 2010.  

 
Research Question : Is there an optimal time of day to send an email?  

 
Design and Implementation  

 

We ran three òtime of dayó tests.  The first, in early October 2009, asked recipients to write a letter to Congress.  

154,295 individuals were randomly split between three groups: 8am, 11am, and 2pm (EST).  The second test, in 

late October 2009, asked recipients to click on a link to automatically fax a  message to insurance companies.  

147,000 recipients were randomly split between three groups: 8am, 11am, and 2pm (EST).  The third test in 

March 2010 also as ked recipients to click on a lin k to automatically fax a message to insurance companies.  

212,000 recipients w ere randomly split between four  groups: 8am, 11am, 2pm, and 5pm (EST).  

 

In each test, recipients were sent the exact same email message .  The only variable was  the time of day the  

email  was sent to them .  We tracked their open, click -through , and action rates on each blast.  

 

Note there may be a slight inherent bias in favor of segments that receive messages earlier in the day .  If a 

member is, unbeknownst to us, subscribed to the email list with two different addresses, they may be assigned 

to m ultiple òtime of dayó conditions.  For example, if a member has two emails, one  assigned to 8am and 

another to the  2pm condition, they might only read the email sent at 8am and not 2pm.  

 
Results 

 

The results do not indicate that any time of day is particul arly preferable to send email.  The following table 

displays the open, click -through , and action rates for each condition and test.  

 

Response  8am  11am  2pm  5pm  

Early Oct 2009 - Open Rate  25.2% 25.9% 25.3% 
 

Late Oct 2009 - Open Rate  24.7% 25.0% 24.8% 
 

March 2010 - Open Rate  19.9% 20.0% 22.0% 23.0% 

Early Oct 2009 - CTR 11.2% 11.2% 10.9% 
 

Early Oct 2009 - Action Rate  6.4% 6.4% 6.2% 
 

Late Oct 2009 - Click/Action Rate  13.5% 13.2% 12.7% 
 

March 2010 - Click/Action Rate  7.8% 7.7% 7.7% 8.3% 

Figure 45: Open, click -through  (CTR), and action rates for each blast and condition of the time of day test.   Late October and March blasts 

were one click petitions, so CTR is also the òactionó rate. 
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Figure 46:  Open  rates for each blast.  Error bars represent 95% confidence interval.  

 

Figure 47: Action  rates for each blast.  Error bars represent 95% confidence interval.  

For the first time of day test in early October, we were able to request more data from HCANõs mass email 

vendor so that we could perform additional analysis.  

 

First, we were able to examine t he distribution of opens, click -throughs, and actions over time by condition:  
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Figure 48: Distribution of opens by condition the day  the emai l was sent.  Early October test.  Eastern time zone.  
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Figure 49: Distribution of click -throughs by condition the day  the emai l was sent.  Early October test.  Eastern time zone.  
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Figure 50: Distribution of actions by condition the day  the emai l was sent.  Early October test.  Eastern time zone.  

Although the open -rate, click -through rate (CTR), and action  rate  do es not differ very much by condition, the 

distributions of when they happened do.  The email s at 2pm or 5pm performed almost as well as the other 

conditions, but the activity occurred at a more condensed rate.  

 

We were also able to look at differences across  condition by time zone:  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



42 

Time Zone  Time # Sent Open Rate  CTR Action Rate  

Eastern 8am  27,842 24.1% 10.6% 6.3% 

Eastern 11am  27,841 24.4% 10.5% 5.9% 

Eastern 2pm  27,843 24.1% 10.3% 5.9% 

Central  7am  10,237 27.1% 11.9% 6.4% 

Central  10am  10,393 28.4% 12.0% 7.1% 

Central  1pm  10,363 27.0% 11.6% 6.3% 

Mountain  6am  4,400 28.0% 13.1% 6.8% 

Mountain  9am  4,250 28.2% 13.2% 7.7% 

Mountain  12pm  4,311 28.7% 12.7% 7.5% 

Pacific  5am  5,044 26.9% 12.8% 7.0% 

Pacific  8am  4,872 29.0% 13.3% 7.2% 

Pacific  11am  4,849 28.5% 12.9% 7.1% 

Figure 51: Open, click -through , and action rates for the first òtime of dayó test by time zone. 

For members in the Central time zone, group 2 (11am EST) performed significantly better than the other groups 

in terms of opens and click -throughs (p < 0.05).  For members in the Pacific time zone, group 3 (2pm EST) 

performed significantly better than the other groups in terms of opens (p < 0.05).  Other than that, there were 

no significant differences acro ss each group within a particular time zone.  

 
Takeaways  

 

For HCANõs list, there is no clear answer for which time of day is preferable to send email.  Although we 

sometimes identified statistically significant differences between each condition, the magnit udes of these 

differences were relatively small.  In most cases, the time that an email is sent likely does not matter for HCANõs 

email list.  

 

Of course, the time of day an email is sent may matter more for call -in campaigns that are dependent on 

reaching their target during normal business hours.  We also did not examine more unconventional times (ex. 

midnight).  

 

Although all of the experiments we have presented should be run repeatedly, this is especially true of time of 

day tests which may be particularl y sensitive to different days of the week, what is happening in the news 

cycle, and world at large.  

TRUE MAJORITY ð TIME OF DAY 

 
Collaborators:  Drew Hudson and Japhet Els  

 

Time Frame of Test:  6/17/2010 ð 6/18/2010  

 
Research Question : Does time of day an email is sent have an impact on how much it is opened and clicked 

through ? 

 
Design and Implementation  

 

We randomly split a universe of 496,956 individuals into four groups: 1pm, 3pm, 6pm, and 7pm (EST).  On June 

17, 2010 we sent each group an email alerting list members about a slogan contest for a campaign focused on 

the BP oil spill.  Each recipient recei ved the exact same email message .  The only variable was  the time of day 

the  email  was sent.  
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Results 

 

The following table displays the open rates and click -through rates (CTR) for each time of day the email was 

sent.  3pm significantly outperformed the other groups in terms of opens, but not click -throughs (p < 0.001).  

 

Condition  # Sent Open Rate  CTR 

1pm  124,239 7.3% 1.1% 

3pm  124,239 7.8%* 1.2% 

6pm  124,239 7.3% 1.1% 

7pm  124,239 7.4% 1.1% 

Figure 52: Open and click -through  rates (CTR) for each condition.  * indicates top performer, significant at an alpha level of 0.001.  

 
Takeaways  

 

In terms of open rates, the optimal time of day for True Majority to send this email was 3pm.  However, like all of 

the time of day tests we have seen, the magnitude of differences between each condition are relatively small, 

particularly for click -through  and action rates.  

 

Although all of these experiments should be run repeatedly, this is especially true of time of day tests which may 

be particularly sensitive to different days of the week, what is happening in the news cycle, and world at large.  

MISCELLANEOUS 

FAMILIES USA ð VENDOR EVALUATION 

 
Collaborator:  Justin Kolikof.  Thanks to David Radloff and Lee Hoffart at ISSI for helping facilitate this test.  

 
Time Frame of Test:  9/1/2010 ð 12/31/2010  

 
Research Questions  

 

1. Is using voter file data and modeling in conjunction with an òopt-outó email vendor an effective way to 

acquire new email addresses for use in online activism? (this is an observational analysis, not an 

experiment)  

2. If so, is a particular vendor more cost effective than the others?  

 
Background  

 

There may be people who exist in the world that would be responsive to our online campaigns, if only we could 

know who they are and were able to communicate with them.  We want to find those people using an 

alternative model to existing methods of recruitm ent.   

 

One approach is by identifying individuals on the voter file who have a high propensity to engage in activism 

and then using a 3 rd party vendor to match email addresses to these potential activists.  Itõs plausible that 

people who are modeled to bo th care about a particular issue and likely to be activists may be prime recruits 

for online organizing campaigns.  We wanted to answer two questions: Whether purchasing the email 

addresses of these targeted potential activists ð without having them active ly opt -in to a list by first taking 

action ð from vendors was òworthó the investment.  This component is a subjective judgment as every 

organization will have different definitions of cost efficiency.  We also wanted to assess whether a particular 

vendor w as better than the others, which we could address experimentally.  
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Design and Implementation  

 

Families USA wanted to perform a trial run of this procedure in Colorado, Ohio, and Florida.  They selected a 

universe of registered voters who were scored betwee n 85 and 100 on both the Catalist Healthcare Issue 

model and the General Activist model.   

 

Of this universe, we randomly selected 73,279 records and worked with òVendor Aó to append email addresses 

to the files.  We then randomly selected an additional 88 ,155 records and worked with òVendor Bó to append 

email addresses to the files.  There was no overlap between these two lists in terms of the records we provided 

each vendor to be matched.  Each vendor attempted to match an email address to every individua l assigned 

to them.  We did not move forward with a third vendor as originally planned because the vendor wanted us to 

rent names instead of purchasing them outright.  

 

Upon receiving the appended records, Families USA loaded these new recruits into their d atabase and 

immediately sent a welcome message to the new recruits.  This message made clear that they were receiving 

this email because they were identified as being interested in health care issues and invited them to take an 

initial action. Additionally , this message offered the recruits an upfront opportunity to unsubscribe from the list 

(to try and protect the organization from SPAM complaints).  

 

After receiving this welcome message, all new recruits were integrated into the regular Families USA messag ing 

stream, regardless of whether they took the initial action, and received all Families USA messaging during the 

three month testing period.  

 

Over the course of the test we tracked the open and click -through  rates for three email blasts.  We also tracked  

the action rate for one email blast.  After this  time frame , we were unable to ascertain performance for these 

groups due to database reporting issues.  

 
Results 

 

We want to compare how effective each vendor was at reaching our target audience, the universe of likely 

activists we ident ified on the voter file.  So  we are basing our analysis on  the original group assignments: the 

targeted individuals on the voter file who were assigned to a particular vendor.  The open, click -through , and 

action rates reported below are a percentage of the entire condition and not simply the people who were 

subscribed to the Families USA email list (this is unlike how open and click -through  rates are usually reported).  

 

In other words, for the purposes of comparing each  vendor, weõre assessing response rates as a percentage of 

the original 73K and 88K targets on the voter file, rather than the much smaller group of people that Families 

USA ended up including in their messaging campaigns.  For example, consider the open r ate of 0.61% on the 

first email sent to people recruited using Vendor B.  This was calculated as a percentage of the original list of 

88K people sent to Vendor B for the append, and not the 11K recruits who actually received the message.  

 

Response  Vendor A  Vendor B  

Universe Size 73,279 88,155 

Matched Email Address  10.19%* 12.61%* 

Opened Email 1  0.38%* 0.61%* 

Opened Email 2  0.65%* 0.92%* 

Opened Email 3  0.44%* 0.56%* 

Clicked -Through  Email 1 0.06% 0.07% 

Clicked -Through  Email 2 0.02% 0.01% 

Clicked -Through  Email 3 0.02% 0.01% 

Took Action  0.04% 0.04% 
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Figure 53: Open, click -through , action, and match rates for each vendor.  * indicates significant difference at an alpha level of 0.001.  

Vendor B matched significantly more email addresses than Vendor A (p < 0.001).  Members of the condition 

assigned to Vendor B also opened their email at a higher rate than Vendor A (p < 0.001).  Beyond match rate 

and open rate, there were no significant differences between each vendor.  

 

Howe ver, the addresses from Vendor B were more expensive than the addresses from Vendor A.  Addresses 

from Vendor B cost 9.5 cents per match, and addresses from Vendor A cost 7.1 cents per match.  Although we 

expect these rates to improve as more of the acquis itions take action, addresses from Vendor B cost $27.79 per 

action taker and addresses from Vendor A cost $14.03 per action taker.  

 
Takeaways  

 

Families USA did not find that this method of recruitment ð identifying potential activists through a voter file and 

then appending emails through òopt-outó recruitment ð to be cost effective for their program.  Other than 

coverage and open rates, there was not a difference in performance between vendors.  However, cost 

effectiveness is a long term question, and we m ight expect a better ROI over a longer period of time.  

 

One last note: while this analysis did not yield positive results for Families USA, traditional email appends ð where 

an organization uses a vendor to clean up an existing email list ð may be successf ul.  So while òopt-outó 

recruitment through voter files and vendors such as this may not yield active recruits for an email list, this analysis 

does not speak to the effectiveness of using these vendors to address email bouncing issues with an existing 

org anizational email list.  

NOI ð ROOTSCAMP FOLLOWUP 

 
Collaborator:  Nick Gaw, NOI.  

 
Time Frame of Test:  12/11/2010 ð 12/16/2010  

 
Research Question : How do different modes of member contact interact?  Can a live phone call increase the 

likelihood that an individual will take an action in an email?  

 
Background  

 

NOI has recently launched a program to formally engage members after events such as trainings and 

conferences.  Our goal is to build a long term relationship with the people we interact with.  In one  instance, we 

wanted to follow up with attendees of Rootscamp, an annual òunconferenceó held, in this case, on December 

11 and 12, 2010.  We collected both email address and phone number for many of the attendees, which 

allowed us to run an experiment usin g both modes of contact.  

 
Design and Implementation  

 

There were 542 Rootscamp attendees who we had both a phone number and an email address for.  We 

randomly split them into a treatment and control group.  The treatment group received a live phone call on 

December 15, but the control group did not.  We reached 41% of the treatment group on the phone, and left 

a message for another 50% of the treatment group (91% total).  

 

òHi, my name is _______, with the New Organizing Institute.  Thanks for coming out to RootsCamp last weekend.  

Weõre really happy with the event and we know it wouldnõt have happened without the work of members of 

our community.  Weõre looking to improve the RootsCamp experience for next time around. Weõre going to 

send you an email tomorro w with a link to a survey.  Will you commit to filling out our survey?ó 

Figure 54: Script of live phone call.  
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On December 16, both the treatment and control group received an identical email asking attendees to fill out 

an online survey. 

 

 

Figure 55: The email ask to fill out the survey.  
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Figure 56: A portion of the survey  

For each group, we tracked whether the member opened the email, clicked on the link, and ultimately filled 

out the survey.  We also tracked whether members in each group remained subscribed to our email list or not.  

 
Results 

 

Although we did not find a significant difference in terms of subscription rates and opens, we did find a highly 

significant difference i n click -through  and action rates based on whether the member received a phone call or 

not.  In addition, the magnitude of the effect was very large.  

 

Response  Treatment  Control  

Subscribed  97% 99% 

Opened  22% 29% 

CTR 21%* 7%* 

Filled Survey 16%* 5%* 

Figure 57: Open, click -through  (CTR), action, and subscription rates for each condition. * indicates significant at p < 0.001  

Takeaways  

 

Despite the small group sizes, we observed a very large effect.  We would like to replicate this test with larger 

group sizes, and think the tactic of using core volunteers to boost online action rates with live phone calls 

should be explored further by the progressive community.  
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HEALTH CARE FOR AMERICA NOW (HCAN) ð CHAT ROOM  

 
Collaborator:  Jason Rosenbaum  

 
Time Frame of Test:  October 2009 to March 2010  

 

Research Question : Does embedding a chat room in an online call tool increase the likelihood that members 

will take an action?  

 
Background  

 

As part of their efforts to shape federal health care legislation, HCAN often asked their members to call 

Congress.  They employed an online tool that called their members and connected them with a relevant 

legislator.  We hypothesized that embedding a cha t room in this tool so that activists could talk to each other 

would increase their action rate.  We felt the increased engagement with peers and opportunity to observe 

other membersõ behavior may increase the rate of action of their members.  

 
Design and Implementation  

 

We ran òchat roomó tests on October 20 in 2009, and on March 16, 18, and 20 in 2010.  In each instance, a 

portion of HCANõs email list was asked to click -through  on a link and make a phone call to Congress.  Once the 

member clicked the link , they were randomly assigned to one of two conditions.  The treatment condition was 

sent to the online call tool with an embedded chat room.  The control condition was sent to an identical 

landing page without the embedded chat room.  

 

 

Figure 58: An ask to call Congress.  
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Figure 59: Click to call tool with embedded chat room.  

Once a member clicked through on the email, we tracked whether they eventually made a call or not.  We 

could not use reference codes to track if an individual made a call, so instead matched self -reported email 

address from the online call tool to our group assignm ents.  The true action rates may be higher than what we 

observed.  

 
Results 

 

Anecdotally, we were very encouraged by th e discussion in the chat room.  Volunteers were taking leadership 

roles by following up with each othersõ calls, encouraging each other to call, and sharing experiences.  We felt 

that the chat room had utility as a community building exercise.  

 

 

Figure 60: Sample of conversation in the chat room during the call in campaign.  

The following table displays action rates for each blast and condition:  

 

 

 


